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Audience Response Question 1

• Word Cloud
• What skills do you think would be obsolete in next 10-20 years? 





Ms. Laura Adams, Senior Advisor at National Academy of Medicine  



https://blog.google/innovation-and-ai/models-and-research/google-research/amie-video-consultations/
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Why AI? 



Learning Objectives

Distinguish rule-based AI, machine learning, deep learning, and 
generative AI, and map each to concrete inpatient use cases in hospital 
medicine.

Critique the strengths, weaknesses, opportunities, and threats of AI in 
hospital medicine using clinical, operational, and equity examples from 
the literature and current health-system implementations. 

Apply a practical decision framework to determine when an inpatient AI 
tool should be adopted, piloted with guardrails, or deferred based on 
value, safety, bias, workflow fit, ROI, sustainability, and governance
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Types of AI

Capability
• Narrow AI (Weak AI)

• Alexa/Siri and facial 
recognition

• General AI (Strong AI)
• Theoretical concept

• Superintelligent AI
• Hypothetical

Technology
• Machine learning 

(ML)
• Deep learning

• Natural Language 
Processing (NLP)

• Computer Vision (CV)

Functionality
• Reactive machines

• Netflix search

• Limited memory AI
• Tesla(FSD), Waymo

• Theory of mind AI
• Future concept

• Self-aware AI
• Theoretical 
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Homo economicus |  Homo sapiens

Rational
Selfish
Monotonous 

Not rational
Not selfish
Exciting 





CDS Notes

Orders Data

Behavioral 
Economics

Informatics Tools



System 2, ConsciousSystem 1, UnconsciousCognitive Style
SlowFast

Characteristics ConsciousUnconscious
LogicalEmotional

Considered reactionNatural reaction
Advantages Thoughtful reactionAutomatic reaction

From the headFrom the heart
BoringDifficult to explain to others

Disadvantages Can rationalize a wrong 
decision

Biased by emotion so could 
be wrong

https://www.b2bframeworks.com/system-1-system-2-thinking
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Perfect Dangerous

You Don’t 
Like Your 

Folks
Perfect

Needed Not Needed

High (Tasks 
We Don’t 

Want AI to 
Replace)

Low (Tasks 
We Want AI 
to Replace)

Human Supervision

Value

Augmented 
Expertise

Set and Forget

Automated 
Annoyances

AI Friction
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Transformative 
Ideas of Daniel 
Kahneman. By 
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Staff, April 1, 
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Take Home Points

• Time/Quality/Cost
• Context
• Type of AI
• Evidence based use cases
• Behavioral Economics – Noise Reduction






